Contact patterns in the US vary over space but not time _*_*
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Figs 1, 3, 5. Spatiotemporal GAMs by state with county random effects.
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Figs 2, 4, 5. Linear regression of county mean contact predicted by
county & national incidence, and state average Oxford Stringency
Index. County predicted contact at zero disease is then scaled by the
ratio of fall 2019 to 2020 county mobility.
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